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Intelligent denoising of brain MRI images based on the selection and
arrangement of filters

A. R. Sadrmomtaz, M. Namdar", Z. Zahmatkesh
Physics Department, Basic Science Faculty, Guilan University, Rasht, Iran
Abstract:
Although many methods and algorithms have been proposed to reduce or eliminate the noise

from medical images, but still the problem of insufficient denoising from these is one of the
remaining challenges in the field of pre-processing and denoising of medical images. In this
research, using the genetic algorithm intelligently, the best filters are selected, then they will be
arranged to implement on each MRI image to denoise the noise of the image. So; the final
improved image is obtained. Finally, the results were evaluated using MSE, PSNR and SSIM
criteria, and average values of 0.00147, 28.27, and 0.69 were obtained for the criteria,
respectively. The results compared to other proposed methods in denoising field can indicate the
appropriate performance of the method.
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